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Sentencing technology of criminal cases based on multi-channel
self-attention mechanism
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[ Abstract] The problem of " more cases but fewer people" exists in the judicial field. To solve this problem, this paper designs
and implements a criminal sentencing model based on multi—channel self-attention mechanism for the purpose of judicial sentencing
and the principle of " sentencing according to law" in China. The model carries out potential representation learning on the three

aspects of case fact description, defendant’s basic information and laws, and at the same time combines the above information to
achieve the purpose of accurate sentencing. This paper conducts experiments on the judgment document data set, and the comparison

with the baseline model shows that the model has better sentence prediction performance.
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Fig. 1 The basic structure of criminal case auxiliary sentencing
technology model based on multi —channel self — attention

mechanism
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Fig. 2 The process of law extraction
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Fig. 3 The structure of self—attention mechanism
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Fig. 4 The structure of multi-head Attention mechanism
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Fig. 5 The example of judgment document
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Tab. 1  Comparative experiment on the number of law strips

extracted
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Tab. 2 The comparative experiment on the number of heads in the

multi—head attention mechanism
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Tab. 4 Experimental results of different provinces
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