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The survey of group recommendation on Geo—-Social Networks
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[ Abstract] With the wide application of mobile Internet and smart phones, geographic social network has become an indispensable
social information platform in people ‘s daily life. Since people are groups with typical social attributes, group activities are the
portrayal of people’s daily life and work in the real world. Therefore, in this new type of social information platform, the demand for
recommendation services related to groups and group activities has increasingly become an important task in current recommendation
systems. Although a lot of research has been done on the group recommendation problem of group activities, there are still some
problems in the research of group recommendation: (1) the contribution of group members to decision—making in the process of
group activity decision—making cannot be directly obtained from the data; (2) the most existing groups recommendation algorithms
emphasize that recommendation groups currently exist. However, most of the groups that participate in the campaign are realitiely
formed in response to the campaign’s initiation. Therefore, this paper mainly systematically analyzes and organizes related researches
on group recommendation algorithms in heterogeneous geographic social networks from the methods and datasets used in existing
research. Finally, several potential research directions in this field are proposed.
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Tab. 1 The main experiment datasets in Group Recommendation Research
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