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Research on multi-target detection of intelligent transportation video
based on deep learning
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[ Abstract] With the increase of traffic flow in large and medium-sized cities, the problem of traffic congestion is becoming more
and more serious. In this paper, a multi—target detection algorithm based on stack denoising self—encode deep learning framework for
motor vehicles in complex traffic scenes is proposed. Experiments show that the stack denoising self —encode deep learning
framework is used to extract the deep characteristics of the target motor vehicles to achieve multi—target detection, improve the

detection effect of multi—target recognition, and effectively improve the accuracy of traffic status prediction.
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Fig. 1 SDAE network model
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Fig. 2 Multi—target detection technology roadmap
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Fig. 3 Traffic status prediction framework
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Fig. 4 Traffic status prediction process
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Fig. 5 Test results
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